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Background and Motivation 

While Artificial Intelligence (AI) has been in existence for at least half a century, the public release of generative AI (genAI) 
in 2022 expanded widespread use of AI tools. From virtual assistants to information management and decision-making 
systems, these tools are increasingly becoming a part of everyday life, due to their affordances of efficiency and capability 
(Gerlich, 2025). Within education, genAI has been present in the form of intelligent tutoring systems as well as adaptive 
learning tools, offering personalised learning scaffolds and feedback (Yan et al., 2024). With the advancement of genAI 
technologies, some of these learning tools have started to offer more human-like conversations, leveraging large language 
models to enhance the learning experience. Students are becoming increasingly cognizant of genAI and there is strong interest 
by institutions to incorporate genAI in teaching and learning (O’Dea, 2024).   

Generative artificial intelligence (genAI) has the potential to change how we teach and how students learn. While 
genAI can support learning by offering personalised assistance, improving efficiency, and providing feedback, there 
are concerns that students may become overly dependent on it, potentially offloading their cognitive and metacognitive 
processes. This article explores the role of transition pedagogy in navigating the use of genAI for teaching and learning 
and proposes that self-regulated learning provides the skills that students need in this new learning environment. The 
challenges and opportunities of genAI are applied to the transition pedagogy principles, with recommendations for 
educators. We conclude that transition pedagogy remains crucial in the age of genAI, offering a framework for 
educators to guide students in using genAI intentionally - to enhance rather than hinder their learning. 
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GenAI offers many positive opportunities to ease the demands of life and work, to enhance students’ learning experiences, 
and to complete tasks efficiently (Kutty et al., 2024; Rožman et al., 2023). However, genAI presents efficiency at a potential 
cost to the human skills of cognition, metacognition, and learner agency (Darvishi et al., 2024; Fan et al., 2024; Gerlich, 2025). 
In addition, the adoption of genAI in education raises ethical concerns, including integrity risks, biased output, privacy 
violations, and inequality of access (Francis et al., 2025). Worryingly, studies are showing a reduction in self-regulated 
learning (SRL) (Darvishi et al., 2024) and metacognitive skills (Fan et al., 2024) when learners continue to use genAI tools. 
As findings of negative impacts of genAI on student learning processes continue to emerge, it is critical to consider this trend 
in relation to transition pedagogy. As stated by Kift (2009), the six interconnected principles of transition pedagogy support 
student engagement, success, and retention. With adoption of genAI expected to increase, how students learn will surely be 
impacted. It is timely to evaluate how transition pedagogy may inform the use of genAI for learning. With thoughtful 
integration into the curriculum via the transition pedagogy principles, genAI could foster students’ development of critical 
SRL skills which are crucial for an increasingly complex world.  

 
This article illustrates the complex interplay between SRL and genAI in transition pedagogy. As outlined above, while genAI 
offers opportunities to enhance SRL across its phases (forethought, performance, and reflection), it also presents risks of over-
reliance that could hinder students’ development of crucial self-regulatory skills. To effectively implement transition 
pedagogy, institutions should integrate genAI tools gradually, redesign assessments to promote SRL, ensure equitable access, 
and maintain a balance between genAI-supported learning and collaborative activities, thereby preparing students for a 
technology-enhanced academic environment while fostering essential self-regulatory competencies. The idea for this article 
arose at the first Self-Regulated Learning (SRL) Summit in Melbourne, Australia, December 2024, which brought together 
SRL researchers from diverse disciplines across Australia to explore the challenges, opportunities and outcomes associated 
with SRL in education. Using a World Cafe approach (Brown & Isaacs, 2005), delegates discussed the future of SRL research 
from the lens of (a) the learning context; (b) research problems, gaps or risks; (c) relevant research; (d) opportunities; and (e) 
recommendations. Participants concluded that genAI was both an opportunity and a challenge to student learning. Discussing 
how students can use SRL to support their meaningful engagement with genAI as they transition from school into, through 
and beyond university, we apply the outcomes of the Summit to transition pedagogy.  
 
Theoretical Framework 
 
Transition Pedagogy Principles 
Transition pedagogy, developed by Kift (2009), involves intentionally supporting students through transitions into, through 
and beyond university. Kift identified six generic and interconnected principles, aimed at fostering engagement, success, and 
retention, regardless of discipline. 

 
The Transition principle focuses on supporting students as they transition into higher education from prior learning 
experiences, scaffolding them to become independent learners, and to feel welcomed and prepared with the requisite academic 
skills for university study. This principle can involve helping students appreciate that transition is not a one-off event, but an 
ongoing experience throughout their study. The Diversity principle emphasises the importance of recognising, respecting, and 
accommodating the varied backgrounds, experiences, and needs of students, by creating an inclusive learning environment. 
The Design principle focuses on intentional and thoughtful curriculum design that builds on students’ prior knowledge and 
skills, scaffolding learning experiences to foster higher-order competencies such as critical thinking, and to support student 
success. The Engagement principle actively involves students in their learning through collaborative and participatory 
teaching, encouraging interactions between peers and between teachers and students. The Assessment principle focuses on 
assessment that supports “successful transition to assessment in higher education” (Kift, 2009, p. 41) increasing in complexity, 
including formative evaluations and providing feedback to students and staff. This principle emphasises using assessment as 
a tool for learning, by providing timely and constructive feedback to help students improve their learning and performance. 
Finally, the Evaluation and Monitoring principle refers to evaluating and refining curricula, and monitoring students based on 
relevant metrics, providing timely interventions to support students to achieve learning outcomes. 

 
Since its articulation in 2005, transition pedagogy has seen substantial implementation across Australian and international 
institutions, with positive feedback validating this whole-of-institution and whole-of-student approach (Kift, 2015, 2023). 
Trends in the educational landscape have also found their expression in the principles. For example, learning analytics and 
adaptive learning technologies have been leveraged in service of the Evaluation and Monitoring principle (Kift, 2015). In view 
of these technological developments, transition pedagogy is noted to chart a new direction, namely, “a coherent, analytics-led 
‘third generation’ (i.e., comprehensive, integrated, whole-of-institution) transition pedagogy” (TEQSA, 2020, as cited in Kift, 
2023, p. 142). With the disruption (and opportunities) afforded by genAI, it is timely to consider how transition pedagogy’s 
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“holistic and rational framework” (Kift, 2023, p. 145) could be implemented to support student success. To address this, we 
argue for a greater emphasis on SRL explicitly embedded in the principles of transition pedagogy.  

 
Self-Regulated Learning in the Age of GenAI 
Broadly defined, SRL is an iterative process involving learners’ control over their thoughts, feelings and actions, in order to 
achieve learning goals. Many models of SRL exist to explain this complex, multidimensional concept (see for example, 
Panadero & Lipnevich, 2022). In this article we draw on Zimmerman’s (2002) sociocognitive three phase model. The 
forethought phase includes analysing tasks, setting goals, and choosing strategies to achieve them, and is strongly influenced 
by motivation. Goal setting is crucial for self-regulation as it creates a feedback loop for self-evaluation (McCardle et al., 
2017). During the performance phase, self-control processes, including volitional and learning strategies, help learners focus 
and implement their plans. During this phase continuous self-monitoring is important, providing metacognitive awareness and 
allowing for strategy adjustments. This self-monitoring feeds into the reflection phase, where learners evaluate their progress 
based on their initial learning goals and observations. Self-judgment assesses progress, while self-reaction is an emotional 
response, such as satisfaction or defensive reactions. Feedback from the reflection phase influences the next cycle of SRL by 
affecting motivation and processes in task analysis.  

 
In short, SRL encompasses a coordination of processes around goal setting, metacognition, and strategy adaptability, driven 
by motivation. The control of these processes is essential for independent learning; accordingly, SRL is a key predictor of 
achievement differences among students (Blackmore et al., 2021). Research indicates that many secondary school students 
lack SRL skills upon entering higher education, contributing to first-year attrition rates (Vosniadou, 2020). However, studies 
have shown that students can improve their SRL during their transition period, with increases observed in self-regulation, deep 
learning, and analysis skills (Coertjens et al., 2017).  

 
The growing prevalence of genAI tools may influence the development of students’ SRL processes. Research suggests that 
genAI applications can support metacognitive, cognitive, and behavioural regulation in online learning (Jin et al., 2023). In 
genAI-assisted writing tasks, learners employ various SRL strategies, demonstrating adaptive management of their work with 
genAI support (Nguyen et al., 2024). Other studies have suggested that genAI might hinder SRL. Bastani et al. (2024) found 
that students with access to genAI support did better on formative mathematics questions than students without genAI support; 
however, these improved results were not replicated under exam conditions. The authors speculated that students with genAI 
support were relying on genAI for answers, rather than developing their skills in solving mathematics problems. These students 
may not have been effectively regulating their learning when attempting formative questions. In addition, Abbas et al. 
(2024) found that in a naturalistic setting, university students with more frequent ChatGPT use reported higher academic 
workloads and time pressure than students who used ChatGPT less often, suggesting students might become reliant on 
ChatGPT to complete tasks under pressure. Additionally, students who used ChatGPT more frequently had increased memory 
loss and lower academic scores (Abbas et al., 2024). Although this study demonstrates that students might over-rely on 
ChatGPT, it is unclear why this behaviour is associated with lower academic scores. One possibility is that students are 
struggling to regulate their learning while interacting with ChatGPT, such as planning when and how to engage with the tool, 
or evaluating the accuracy of the output. Therefore, students may benefit from explicit instruction on how to use generic genAI 
tools to regulate their learning, rather than offloading their cognition. 
 
Recommendations for Transition Pedagogy in the Age of GenAI 

 
The review above highlights a shift in the educational landscape. GenAI has permeated almost every area of life, including 
education. While genAI technologies provide opportunities for increasing efficiency and facilitating the accomplishment of 
tasks, there is a risk that efficiency gains may come at the price of students’ ability to regulate aspects of their learning, such 
as motivation, metacognition, and self-evaluation. In this section, we suggest several practical recommendations to make SRL 
more explicit in the principles of transition pedagogy, while leveraging the affordances of genAI and recognising its 
challenges.  

 
Transition 
The Transition principle emphasises the proactive support of students to develop SRL skills, helping them manage their 
affective responses to the challenges of transiting into a demanding academic environment, and to understand the tacit “norms, 
behaviours and values required for discipline success” (Kift, 2023, p. 41). However, the availability of genAI tools may offer 
students alternatives to engaging in the academic community, circumventing both the challenges and benefits of learning in 
such an environment (Lodge et. al., 2024). If students do resort to cognitive offloading through such tools, they are unlikely 
to develop necessary SRL skills, such as planning and time management, metacognitive awareness and self-evaluation (Fan 
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et al., 2024). Therefore, to mitigate against the possibility of cognitive offloading through genAI, students’ use of such tools 
should be steered by educators in ways that foster SRL. One possible way to achieve this goal is through co-regulation. Co-
regulation describes the social interactions between learners and educators through which learning processes and SRL are 
facilitated (Bransen et al., 2022). GenAI offers new opportunities for students to receive co-regulatory assistance for learning 
as they transition into and through the higher education environment (Lodge et al., 2023). When effectively designed, genAI 
can also provide avenues to develop self-reflective capabilities, helping students to find their place at university more 
effectively and efficiently, informing program and course decisions in more personalised ways. Provision of timely genAI-
facilitated feedback cycles provides a further mechanism by which institutions can flatten the (learning) curve, supporting and 
supplementing existing orientation and transition programs.  
 
The growing need to support students’ SRL capabilities as they transition into, through, and out of university creates an 
opportunity for adoption of ePortfolios across the higher education sector. An ePortfolio is a dynamic digital repository that 
captures evidence of a student’s educational journey (Hallam et. al., 2008). In addition to providing students with a curriculum 
roadmap through their program of study, ePortfolios can record both learning processes and artefacts, together with general 
academic literacies and discipline-specific skill development. These tools support transition by enhancing transparency 
between learning activities, assessments, learning outcomes, and graduate capabilities. This transparency enables students to 
self-reflect, integrate their learning experiences, identify strengths, limitations, and areas for improvement, thereby supporting 
development of SRL capabilities. A well-designed ePortfolio platform works as a co-regulation tool that fosters, directs, and 
enhances students’ SRL skills throughout the student’s learning trajectory. 
 
Finally, as students transition out of university, they require lifelong learning competencies, for a world that is complex and 
uncertain. Acknowledging genAI in the workplace, educators must help students to prepare for this ever-changing technology 
with skills and attributes required to use tools effectively, responsibly, and critically (Hashmi & Bal., 2024). Graduates will 
need to be agents within a network of co-regulation (Lodge et al., 2023), therefore understanding and embodying principles 
of self- and co-regulated learning will be more important than ever. 

 
Diversity 
Traditionally under-represented students at university face higher attrition risks (Li & Jackson, 2024), often due to varying 
preparedness for higher education, which can negatively impact self-efficacy and motivation. Creating an inclusive first-year 
environment is crucial for retention. GenAI could help level the playing field by personalising learning experiences (Francis 
et al., 2025) and supporting international students with language practice and concept translation (Farrelly & Baker, 2023). 
 
However, there is growing awareness that genAI also poses risks to diversity and inclusion. Large language models may 
reinforce biases and underrepresent minority views (Francis et al., 2025; Holmes & Miao, 2023). As models expand to include 
Indigenous languages, respecting cultural and intellectual property rights is essential (Commonwealth of Australia, 2023). 
Tools for detecting genAI use may also disadvantage under-represented groups. For example, genAI detectors are more likely 
to misidentify non-native English writing as AI generated (Liang et al., 2023), whilst writing generated by subscription-based 
advanced models might be less likely to be detected, (Farrelly & Baker, 2023) creating financial inequities. Additionally, 
privacy concerns arise when students upload work to genAI tools (Francis et al., 2025). Institutions will therefore need to 
carefully consider these risks when creating policies and procedures about genAI use and support. Institutional licenses for 
vetted genAI tools with transparent privacy policies and diverse training data will be crucial for ensuring an equitable student 
experience. 

 
Design 
GenAI is likely to become an integral part of educational ecosystems (Yan et al., 2024). It is of utmost importance that this 
integration occurs mindfully and deliberately, with learning principles at the forefront of educational design. It is difficult to 
ban genAI, and perhaps detrimental to students’ employability to do so. Therefore, educators need to help students learn how 
to engage with genAI tools in ways that support their learning, rather than hinder it. Maintaining and facilitating student agency 
when working with genAI will be a key component of appropriate educational design (Darvishi et al., 2024). 

 
One challenge associated with genAI use is that students may be tempted to offload their cognition by using genAI tools to 
create an end-product (such as an assignment), thereby reducing their opportunity to learn through the process of creating that 
end-product (Lodge et al., 2023). As discussed earlier in the Transitions section, students encountering the higher education 
environment for the first time may be particularly vulnerable to the temptation of cognitive offloading, given the increased 
autonomy and reduced oversight characteristic of tertiary study. By teaching SRL skills, institutions can help to ensure that 
students – humans – remain in the driver’s seat when working with genAI. For example, instructors could embed explicit 



Volume 16 (3) 2025                         Lim et al. 

 61  
 

opportunities for students to engage in the phases of the SRL cycle while using genAI during a learning task, such as planning 
when and how they will use genAI, monitoring the accuracy and appropriateness of genAI output, and reflecting on the quality 
of the end-product and the effectiveness of genAI use during the learning process. Scaffolded reflective tasks may be valuable 
for achieving this goal (Colthorpe et al., 2018). Once students have developed these skills, the scaffolding could be reduced 
to allow students greater autonomy in how they engage with genAI. Effective use of genAI could also be encouraged by 
assessing the learning process in conjunction with the end-product. For example, assessment rubrics could incorporate criteria 
evaluating students’ use of genAI tools, with different standards reflecting the quality of genAI use. In this way, rubrics could 
be used to incentivise collaboration with genAI rather than cognitive offloading (Tregloan & Song, 2024). 

 
Engagement 
A growing body of literature has begun to demonstrate the impact of genAI on students’ emotional, cognitive, and behavioural 
engagement (Lo et al., 2024). When understood through the lens of SRL, these results are not surprising. 

 
GenAI offers opportunities to support deeper, more interactive, and more consistent behavioural engagement, thereby helping 
students to self-regulate their studies more effectively. Timely, iterative feedback cycles between students and genAI can 
support more sustained engagement where impasse might have otherwise prevented student progress (Sikström et al., 2022). 
By shortening feedback loops, genAI offers students more opportunities to iteratively improve their understanding and requires 
students to take “smaller steps” in their development, increasing the likelihood of sustained motivation. 

 
GenAI can also help students to regulate their emotional and social engagement with their studies, offering a “synchronous” 
substitute for peers and/or instructors when they are less accessible. Emerging evidence suggests that some students prefer to 
interact with genAI than with people, particularly when engaging with novel material, in attempts to avoid perceived 
judgement from others (Lo et al., 2024). Other studies have demonstrated that genAI offers richer modes of communication 
(e.g., auditory v. written, audiovisual v. unimodal), which are better suited to effecting emotional and motivational regulation 
than their simpler counterparts (see for example, Ng et al., 2024). GenAI offers avenues to break down some social and 
emotional barriers to engagement. By integrating genAI into students’ learning environments, institutions can ensure that 
students learn how to engage with these technologies to best self-regulate their learning within, rather than outside, the 
educational interface. 

 
Assessment 
Assessment is often the area of curricula hardest to change yet most important to achievement (Deneen & Boud, 2014). 
Assessment performs a critical, bridging role between two key curricular intentions: providing summative determinations of 
student achievement, and advancing that achievement through formative feedback. Both intentions are critical to students’ 
successful transitions into and through higher education. This is especially true for learners who may experience substantively 
different practices and emphases around pedagogy and assessment, such as international students (Zhou et al., 2023). 
Assessment should serve as a bridge to successful transition rather than a barrier (Kift, 2009). Determining productive 
approaches to engaging students’ SRL skills and the uses of genAI must therefore involve careful consideration of assessment 
and feedback practices. 

 
Emphasising SRL in formative assessment is not new. For decades, there have been calls to shift the focus of feedback away 
from monologic narratives advising students about the quality of their recent work, towards dialogic invitations to consider 
the nature of quality, their performance relative to this, and how to cross gaps in future performances (Sadler, 1998; Tai et al., 
2018). Inherent in this approach are qualities fundamental to SRL. In practice, however, the feedback students experience at 
multiple educational levels remains strongly anchored to monologic narratives about recent performance, rather than a more 
dialogic, “feedback literate” approach addressing sustainable SRL capacities (Deneen & Hoo, 2023).  The emergence of genAI 
has intensified assessment and feedback challenges while also creating new opportunities for designs and approaches that 
support SRL development. 

  
Rather than focussing solely on the challenges posed by genAI, educators can leverage the new opportunities it presents. While 
there is an urge to revert to more restrictive assessment designs and conditions, Lodge (2024) argues that institutions must 
resist returning to proctored, closed-book, examinations.  These assessment types exacerbate the problems with assessment 
and feedback noted above, and fail to evaluate the entire range of knowledge, skills and abilities required of graduates (Lodge, 
2024). This also reduces both the potential of assessment to foster SRL and assessment’s authenticity in relation to professional 
practices. In so doing, students may also be inhibited from developing adaptive relationships with tools that will be central to 
their professional futures, such as genAI. Instead, assessment design should leverage genAI affordances to enhance rather than 
undermine SRL development. This requires greater transparency around constructive alignment—helping students understand 
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not just what assessments require, but how assessment approaches develop specific SRL capacities. Students often 
misunderstand assessment requirements and purposes; in a genAI context, this disconnect may be amplified when they cannot 
see how assessment design intentionally scaffolds their learning to work adaptively with these tools. 

  
By prompting students to reflect then act on feedback and analyse their learning processes—including their genAI 
interactions— rather than focusing solely on the final product, we can encourage deeper self-awareness. Increasing awareness 
of how they learn, how they collaborate with genAI tools, and assessing the effectiveness of both independent and AI-assisted 
approaches helps students build critical SRL skills (Colthorpe et al., 2018). Providing opportunities for reflection can also 
serve as a catalyst for setting meaningful learning goals. Instead of aiming exclusively for a particular mark or grade, reflection 
activities encourage students to consider how they approached an assessment—both independently and with genAI support—
using feedback to identify and address underdeveloped SRL skills. Once students recognise where they need to improve, they 
can establish more purposeful goals and become true agents of their own learning in a genAI-enabled environment. 

 
Evaluation and Monitoring 
The Evaluation and Monitoring principle focuses primarily on the role of institutions and educators in evaluating the 
effectiveness of the first-year curriculum and monitoring student progress. This principle would benefit from explicitly 
including strategies that develop students’ abilities to self-evaluate and monitor. Monitoring is a metacognitive, process-related 
skill that self-regulated learners employ while they are performing a task (Zimmerman, 2002). During the learning process, 
self-regulated learners employ monitoring to make judgements about task difficulty, their comprehension of the material, their 
“sense of knowing” a construct, and their degree of confidence in their understanding (Nelson & Narens, 1990). To work 
adaptively and effectively with genAI tools, students need to develop an accurate self-awareness of both their strengths and 
their shortcomings as learners (Lodge et. al., 2024). However, for the novice student transitioning into higher education, often 
this level of insight of one’s own learning is underdeveloped (Larmar & Lodge, 2014). Students who are yet to develop this 
insight lack the metacognitive capital and SRL skills to accurately self-evaluate where they are versus where they need to be. 
A student who self-regulates has this self-awareness, monitors what they are doing while they are studying, and can recalibrate 
when they are off track, adapting their behaviour to optimise academic achievement. Therefore, supporting students to develop 
metacognitive monitoring skills and accurate self-evaluation in a genAI empowered world presents an opportunity to address 
the challenge faced by many first year students—being “unskilled and unaware of it” (Kruger & Dunning, 1999, p. 30).    

  
To support monitoring and self-evaluation, teachers can develop assessment structures that scaffold a larger assessment piece 
by breaking it down into smaller “chunks”, incentivising completion of these scaffolding activities with summative marks and 
providing individual or general feedback to the class (Pacitti et. al., 2024). These small adjustments to existing assessments 
can encourage students to self-evaluate and recalibrate throughout the assessment process. Self- and peer-assessment can also 
support monitoring and self-evaluation (Panadero & Alonso-Tapia, 2013; Panadero & Broadbent, 2018). When students are 
provided with the opportunity to assess their own work, that of their peers, or indeed that of an output generated by genAI 
against a rubric, we teach them to evaluate the quality of that work against established standards (Panadero & Broadbent, 
2018). It is essential that students understand the performance expectations of assessments by allocating class time or learning 
activities that introduce assessment rubrics, encouraging students to interrogate these tools and use them to their advantage 
(Panadero & Broadbent, 2018). These types of assessment designs give students time to monitor and evaluate their learning 
process, not just the product, and encourages their development of accurate self-awareness as learners.  

  
Conclusion 

 
Transition pedagogy provides a resilient framework for higher education and highlights the risks and opportunities that genAI 
has introduced to higher education. To support students into university and beyond in the age of genAI, educators must 
intentionally foster the development of students’ SRL in implementing each of the principles of transition pedagogy. Table 1 
presents a summary of the challenges and opportunities posed by genAI in relation to the transition pedagogy principles, along 
with recommendations for these pertaining to self-regulated learning as discussed in this article.  From Table 1, it can be 
observed that, across the six principles, most of the recommendations address the reflection (especially self-evaluation) and 
forethought (especially motivation) processes in Zimmerman’s (2002) SRL process model. The emphasis on reflective 
processes is particularly important for enhancing metacognitive development. Similarly, motivation is also vital as a driver 
for continuing persistence in following through the cycle of self-regulated learning. Educators can embed these self-regulated 
learning competencies within transition pedagogy practices to ensure that students not only leverage the opportunities of genAI 
in their academic journey but develop the metacognitive skills needed to remain active, intentional learners throughout their 
educational and professional futures.   



Table 1  

Challenges and Opportunities Posed by GenAI as they Relate to the Transition Pedagogy Principles. Recommendations for Educations and how they Relate to Self-
Regulated Learning 

Transition Pedagogy 
principle 

GenAI challenges and opportunities Recommendations Associated SRL 
component(s) 

Transition Opportunity for genAI to flatten the learning curve during the 
transition into university, providing assistance with navigating the 
first weeks of university and gradually releasing regulatory 
responsibility to students. Risk that students might become over-
reliant on genAI to overcome learning challenges. 

Supplement and support existing orientation and 
transition initiatives with real-time AI generated co- 
regulatory support. Implement ePortfolios to foster 
reflection. Educate students on responsible use of 
genAI. 

Forethought phase 
(planning, motivation), 
Performance phase 
(monitoring) 
Reflection phase (self-
evaluation). 

Diversity Opportunity to harness genAI to improve equity, such as providing 
personalised tutoring or language support. However, risk that genAI 
models can exacerbate biases and inequities or violate privacy rights. 

Institutions should ensure that all students have access 
to vetted, fit-for-purpose genAI products. 

Forethought phase 
(self-efficacy, 
motivation). 

Design Opportunity to redesign assessment by thoughtfully integrating 
genAI. Risk that students may be tempted to offload their cognition to 
genAI. 

Design curricula and assessments that incentivise 
effective use of genAI. Scaffold the use of SRL skills 
when engaging with genAI to complete learning tasks. 
Scaffolding can be reduced in later years, releasing 
responsibility to students. 

Forethought phase 
(planning); 
Performance phase 
(monitoring & self-
control); Reflection 
phase (self-evaluation). 

Engagement Opportunity for genAI to enhance student engagement by providing 
timely, iterative feedback and multimodal support. Risk that over-
reliance on genAI may reduce opportunities peer interaction, 
potentially weakening students’ collaborative skills. 

Leverage genAI for personalised learning. Balance 
genAI use with collaborative activities, discussions, 
and peer feedback to ensure students develop social 
and communication skills. 
 

Forethought phase 
(motivation); 
Reflection phase (self-
evaluation).  

Assessment Opportunities for genAI to support and formatively develop key, self-
regulating capacities of reflection and self-evaluation. Challenges 
involve achieving assessment change, as well as assuring that 
assessment and feedback serve to facilitate transitions, not inhibit 
them.  

Build students’ self-evaluation capacity by developing 
assessments that allow greater opportunities for 
timely, iterative formative feedback. Include focus on 
process of learning and future performance, rather 
than solely on product and past performance.  

Reflection phase (self-
evaluation).  

Evaluation & monitoring This principle emphasises strategies for institutions and/or educators 
to evaluate and monitor students. However, this might foster reliance 
on external feedback, especially with genAI affordances. Students 
may lose their ability to do this by themselves in the absence of 
scaffolding.  

Support students to develop self- evaluation and -
monitoring skills. 

Performance phase 
(monitoring); 
Reflection phase (self-
evaluation). 
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